RLCS, Revista Latina de Comunicacion Social, 72 — Pages 590 to 607
Funded Research | DOI: 10.4185/RLCS, 72-2017-1181| ISSN 1138-5820 | Year 2017

How to cite this article in bibliographies / References

C Arcila Calderon, M Lopez, J Pena (2017): “The Conditional Indirect Effect of Performance
Expectancy in the Use of Facebook, Google+, Instagram and Twitter by youngsters”. Revista
Latina de Comunicacién Social, 72, pp. 590 to 607.
http://www.revistalatinacs.org/072paper/1181/31en.html

DOI: 10.4185/RLCS-2017-1181

The Conditional Indirect Effect of
Performance Expectancy in the Use of
Facebook, Google+, Instagram and Twitter
by youngsters

Carlos Arcila Calderon [CV] [¢ ] [‘C,] Profesor Ayudante Doctor. Universidad de
Salamanca (Espafa) - carcila@usal.es

Marcela Lopez [CV] [(] [ €] Profesora. Universidad de la Costa (Colombia).
marcelp.comunicaciones@gmail.com

Jennie Pefia [ '] [‘C,] Investigador. Universidad del Norte (Colombia).
yescobar@uninorte.edu.co

Abstract

Introduction: Previous studies have found a strong relationship between the degree to which
individuals believe a technology helps to gain performance (performance expectancy) and the use of
that technology. However, there is little empirical research that tests the mechanisms and conditions
through which this effect operates in the adoption of social media by youngsters. Methods: We
surveyed 502 students from Colombia and run a moderated mediation analysis to check conditional
indirect effects. Results and conclusions: Data revealed high adoption rates (68%) of popular social
media (Facebook, Google+, Instagram and Twitter) and, consistent with the Unified Theory of
Acceptance and Use of Technology (UTAUT), results showed that the conditional indirect effect of
performance expectancy in the use of social media is a relevant predictor with weights up to 0.53.
This effect is mediated by the behavioral intention, but only in some cases moderated by age and
gender.
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1. Introduction

In the last decades, information and communications technologies (ICT) have become one of the
most important communication tools for institutions, people and brands. The accelerated growth of
ICT worldwide (Kemp, 2017), has allowed the development of new social platforms, including
social networking sites and mobile apps, which have become popular amongst young digital users as
a way to interact and connect with others. Parallel to the expansion of social media, the global rate
of adoption among young audiences has also expanded. This group represents over 50 percent of all
active users on social platforms (Mander, 2016) and specifically in Latin America, Colombia ranks
fourth in the region in terms of adoption and use of social media, being individuals between the ages
of 14 and 25 years, its largest audience (Ben, 2016). In terms of adoption rates, the figures around the
world confirm a high percentage of social media usage among young audiences. In Singapore, for
example, 99 percent of those aged 7 to 24 years old are users of social media (Zheng and Cheok,
2011). Likewise, in 2015, almost all of the major social media platforms had seen a significant
increase in the proportion of U.S adults ages 18 to 29 who use them (Duggan, 2015). Similarly, in
Latin America there’s more engagement and affinity to social networks between those aged 15 to 24
years than any other age bracket (Yuki and Marchant, 2014). A seminal study conducted to twenty-
two thousand children and adolescents in Argentina, Brazil, Chile, Colombia, Peru, Venezuela and
Mexico, concluded that 60 percent of young people prefer Internet over TV (Bringué and Sadaba,
2008), a trend that have nowadays increased with the popularization of social media in these
countries.

Thus, technology plays a fundamental role in the lives of youngsters as a mean of self-expression,
and communication for professional, recreational and/or social purposes.

The affinity of young individuals with the use of technology and social media makes this population
ideal to test the effects of different variables that affect the ICT use. In fact, social media has been
the object of a vast number of scientific studies that seek to explain the rate of adoption, use and
attitudes towards it amongst youth (Akram and Albalawi, 2016; Aydn and Volkan Sar, 2011;
Bringué and Séadaba, 2011; Mac Callum and Jeffrey, 2013). In general, most of the literature
(synthetized in the Unified Theory of Acceptance and Use of Technology, UTAUT) coincide that the
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degree to which individuals believe a technology helps to gain performance (performance
expectancy) is the main predictor of ICT use (Venkatesh, Thong & Xu, 2012), but the mechanisms
(mediator variables) and conditions (moderated variables) of this specific effect has not been
explored in the adoption of most common social media (Facebook, Google+, Instagram and Twitter)
by young digital users. This paper intends to fulfill this gap by testing the conditional indirect effect
of performance expectancy in the use of social media by young people, which means checking the
mediation of behavioral intention in this effect, as well as the moderation made by age and gender.

2. Adoption and use of social media by youngsters

Literature on social media has analyzed adoption behavior from three major perspectives (Wang &
Sun, 2015): the personal preference perspective (self-discovery, maintaining interpersonal
interconnectivity, social enhancement, entertainment, etc), the social influence perspective
(compliance, internalization and identification) and the personality perspective (neuroticism,
extraversion, openness, agreeableness and conscientiousness). The first and the second perspectives
have a key role among youngsters. Regarding the personal preference approach, McCallum and
Jeffrey (2013) found that one of the key attitudes toward technology and the use of social media is
caused by the sense of recognizing one’s own strengths in the use of ICTs. Users who have a higher
level of self-confidence because of their capabilities (knowledge, experience and self-sufficiency),
set higher goals that are resistant to the failures that may occur during use of these innovations
(Clagget and Goodhue, 2011). Users who recognize their own abilities, generate a positive attitude
towards the use of technology (applications and social media), and are more likely to feel safe to
succeed in using these tools. Furthermore, users who have a low level of confidence in their ability to
use ICT, have a negative attitude, as they tend to believe that technology is hard to use (Cazares,
2010).

In relation to the social factors influencing the adoption of social media, different studies show that
youth online communication is influenced by their perception of identity and self-esteem, as well as
compensation and social environment (Cheung, Chiu and Lee, 2011; Cheung and Lee, 2010; Lin and
Lu, 2011). A study in the U.S and Netherlands found a positive relationship between online
communication and closeness to existing friends. Preadolescents and adolescents who used the
Internet primarily to communicate with existing friends, felt closer to them. Respondents identified
with social anxiety see online communication as a valuable means of self-revelation, which led to a
greater share of online conversations (Valkenburg and Peter, 2007). The lack of social inclusion in
the environment in which youngsters commonly operate also affects the use of social media. A study
in the U.S revealed that young people decide to create social media profiles because they are lonely,
therefore seek online connections and interactions (Subrahmanyam and Lin, 2007). Adolescents
who feel alone and have weak social links offline, find on the Internet opportunities of interaction
because they see online relationships as a place for dialogue and the creation of strong emotional
ties. The use of online communication gives young individuals a chance to participate in society.
Youth operating within an online community value the social benefits they gain from these networks,
which speaks of the social inclusion that occurs through interaction in social media (Notley, 2009).
Social inclusion is one of the main reasons that lead youth today to be continuously connected to
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social media, as it provides them a space of inclusion and a virtual social environment where to
interact. In that regard, Cheung et al. (2011) found that social presence and group norms has the
strongest impact on the intention to use social media. Results showed that most students use
Facebook to get instant communication and connection with their friends, and when users realize the
similarity of their values with their groups, they will have higher tendency toward the Intention to
use Facebook.

3. Conditional indirect effect of performance expectancy

In general, several theoretical frameworks have been used to understand the process of adoption of
ICTs (Diffusion of Innovations, Theory of Reasoned Action, Technological Acceptance Model,
Motivational Model, Planned Behavior Theory, Pc Use Model, Social Cognitive Theory, etc.). To
formulate the Unified Theory of Acceptance and Use of Technology (UTAUT), Venkatesh et al.
(2003) reviewed eight theoretical models, and found that for every model construct related to
performance expectancy (perceived usefulness, extrinsic motivation, relative advantage, job-fit, and
outcome expectancies) there was always a strong influence. In UTAUT performance expectancy is
moderated by gender and age (stronger in younger men), and is defined as the “degree to which an
individual believes that using the system will help him or her to attain gains in job performance”
(Venkatesh et al, 2003). In a later revision of the model (UTAUT2), Venkatesh, Thong and Xu
(2012) kept performance expectancy as the strongest predictor of user behavioral intentions.

Many researchers have tested UTAUT model in different contexts, including adoption of mobile
devices (Venkatesh, Thong & Xu, 2012) or data analysis tools (Arcila, Caderin & Aguaded, 2015).
Recently, Quinlan, Gummer, RoBmann & Wolf (2017) used the diffusion of innovation approach
(which is one of the basis of UTAUT) to explore social media (Facebook and Twitter) adoption by
politicians; but to the best of our knowledge there is not empirical research that verify the UTAUT’s
variables within the context of social media adoption by youngsters. Thus, we used a simplified
theoretical version of UTAUT, including only its main predictor, its mediator and its moderators, in
order to test this model in a different field. Specifically, the simplified model (figure 1) includes
performance expectancy (PE), considered as the strongest predictor of the behavioral intention (BI),
which in turn influences the use behavior (UB). In this model, the indirect effect exerted by PE on
UB is moderated by age and gender; while the effect exerted by PE on UB it is mediated by BI. In
other words, there is a conditional indirect effect of PE on the UB of social media: the indirect effect
depicts the mechanism through which PE exerts its effect on UB (the mediation of BI), and the
conditional effect refers to the conditions under which that indirect effect is stronger (the moderation
of age and gender).

In line with UTAUT and in order to test the above describe conditional indirect effect we posit that:
H1: There is a conditional indirect effect of Performance Expectancy on the Use Behavior of

social media by youngsters, being the positive effect transmitted through the Behavioral
Intention and moderated by age and gender.
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H1.1: Performance Expectancy has a positive impact on the Behavioral Intention to use
social media

H1.2: Behavioral Intention, in turn, positively influences Use Behavior of social media

H2: The influence of Performance Expectancy on the Use Behavior to use social media by
youngsters is moderated by gender and age, so that the effect is stronger among younger
people, especially men.

H2.1: The influence of Performance Expectancy on the Use Behavior through the Behavioral
Intention to use social media is significantly moderated by age, so that the effect is stronger
among younger people.

H2.2: The influence of Performance Expectancy on the Use Behavior through the Behavioral
Intention to use social media is significantly moderated by gender, so that the effect will be
stronger in men.

In summary, these hypotheses state a conditional indirect effect of the Performance Expectancy on
the Behavior Use of social media, where the effect is driven by the variable Behavioral Intention and
the size of this effect is moderated by the variables of gender and age (figure 1).

Figure 1. Model of the hypothesized relationship between the study variables.
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(B1)
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4. Method
4.1 Participants and Procedure

The study surveyed students of the Colombian Caribbean region aged 16 to 28 years enrolled in ICT
training programs at the Colombian National Learning Service (SENA). An initial sample of 745
students was drawn from a population of 270.000 students registered at SENA as of November 2014.
Students participated in an online survey from the 10th to the 28th of November 2015. A total of
670 answers were received, from which 502 were valid. The response rate was at 67.38 percent.
According to the statistical power (power), the sample size (n) of our study was appropriate.
Specifically, a sensitivity analysis using G*Power 3.1.9.2 (Faul, Erdfelder, Lang & Buchner, 2007,
Faul, Erdfelder, Buchner & Lang, 2009) found that a sample of 502 individuals (assuming a = 0.05
and 1-p = 0.80) is sufficient to identify small effects up to 0.03 (Cohen, 1988).

4.2 Measures

A 5-point Likert scale, ranging from completely disagree (1) to completely agree (5), was used to
measure items for performance expectancy (PE) and the behavioral intention (Bl) of social media
(table 1). The measurements were performed separately for Facebook, Google+, Instagram and
Twitter, considered the 4 most frequently accessed social media sites in Colombia. Use Behavior
(UB) was measured using a dichotomous answer (0. No adopted / 1. Yes adopted). With this
measure we surveyed the general adoption of 14 social media sites (Facebook, Twitter, Google +,
Instagram, LinkedIn, Pinterest, Vine, Swarm, Foursquare, Myspace, Tumblr, YouTube, Vimeo,
Lastfm), which also served to generate a summative index (0-14). Frequency of access was measured
with a 5-point Likert-type scale, ranging from completely never (1) to completely always (5).
Additionally, a 1-5 scale (from completely disagree to completely agree) was included to survey the
specific uses given to social media (1 = stay informed with the latest news, 2 = connect with family,
3 = connect with friends, 4 = meet new people, 5 = homework, 6 = find music and videos, 7 = share
personal information, 8 = build a professional profile).

Demographic variables were included: age, gender (1= male, 2= female), and academic level (1=
Operator, 2= Auxiliary, 3= Technician, 4= Technologist).

Before applying the questionnaire, we conducted a panel of experts in order to assure content
validity. Experts agreed that items were appropriated to measure the theoretical constructs and
suggested minor revision for their adaptation into Spanish. On the other hand, we estimated test-
retest reliability through the application of the survey to a group of 50 students in two different
moments (with a gap of two weeks) to measure stability of the instrument through the internal
correlations between the answers given on each occasion. Items that did not reach an intraclass
correlation coefficient (ICC) of 0.70 were deleted or reconsidered.

Once the data was collected, we assessed the validity of the constructs included in the questionnaire
through an exploratory factor analysis (EFA), which allows the identification of the underlying
factors a series (Pérez-Gil, Chacon and Moreno, 2000; Macia, 2010; Igartua, 2006). Items for each
construct were factor analyzed with Varimax (orthogonal) rotation and EFA suggested a latent
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structure of two dimensions (table 1) for each social media site. For Facebook, explaining 52.12
percent of the variance for the set of 8 items and an examination of the Kaiser-Meyer Olkin measure
of sampling adequacy suggested the sample was factorable (KMO=0.727). Behavioral Intention
(Factor 1) had an Eigen value of 2,913 and explained 26, 63 percent of variance. Performance
Expectancy (Factor 2) had an Eigen value of 1,257 explained 25, 49 percent of variance. For
Twitter, explaining 66.44 percent of the variance for the set of 8 items, and an examination of the
extent of Kaiser-Meyer Olkin measure of sampling adequacy suggested the sample was factorable
(KMO = 0.822). BI (Factor 1) had an eigenvalue of 3.871 and explained 36.80 percent of variance.
PE (factor 2) had an Eigen value of 1.444 and explained 29.63 percent of variance. For Instagram,
explaining 66.98 percent of the variance for the set of 8 items, and an examination of the extent of
Kaiser-Meyer Olkin measure of sampling adequacy suggested the sample was factorable (KMO =
0.829). BI (Factor 1) had an Eigen value of 3,933 and explained 36.21 percent of variance. PE (factor
2) had an Eigen value of 1.426 and explained 30.77 percent of variance. For Google +, explaining
68.72 percent of the variance for the set of 8 items, and an examination of the extent of Kaiser-Meyer
Olkin measure of sampling adequacy suggested that the sample was factorable (KMO = 0.825). Bl
(Factor 1) had an eigenvalue of 4,104 and explained 35.71 percent of variance. PE (factor 2) had an
Eigen value of 1.393 and explained 33.01 percent of variance. Finally, reliability by internal
consistency was determined using the statistical Alpha Cronbach (o). For Facebook the PE o =
0.667, and BI a = 0.767. For Twitter, PE a = 0.828, and BI a = 0.888. For Instagram, PE a = 0.816,
BI a = 0.911. For Google +: PE a = 0.819, BI a = 0.921. All over or close to 0.70, which is the
minimum required (Cronbach, 1951; Hayes, 2005).

Table 1. Loadings for exploratory factorial analysis (EFA) with Varimax rotation.

Item 1 2
Facebook

Behavioral Intention

Intention to use Facebook in the future 135 .708
Intention to use Facebook in daily life 185 .840
Intention to use Facebook frequently 164 825

Performance Expectancy
Facebook allows me to communicate with family and friends .410 .281
Using Facebook helps me be accepted into group of friends ~ .594 .144

| use Facebook because it helps me do my homework .700 .156
Facebook is a tool to create my professional profile .802 .037
Publications on my Facebook are consistent with what | live  .630 .160
Twitter

Behavioral Intention

Intention to use Twitter in the future 142 805
Intention to use Twitter in daily life 263 .877
Intention to use Twitter frequently 193 .881

Performance Expectancy
Twitter allows me to communicate with family and friends 737 194
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Using Twitter helps me be accepted into group of friends 764 128
| use Twitter because it helps me do my homework .793 .143
Twitter is a tool to create my professional profile 787 .156
Publications on my Twitter are consistent with what | live .665 .281
Instagram

Behavioral Intention

Intention to use Instagram in the future .068 .872
Intention to use Instagram in daily life 245 883
Intention to use Instagram frequently 335 .840

Performance Expectancy
Instagram allows me to communicate with family and friends .652 .289
Using Instagram helps me be accepted into group of friends  .771 .118

| use Instagram because it helps me do my homework 794 .091
Instagram is a tool to create my professional profile 743 155
Publications on my Instagram are consistent with what | live .720 .292
Google +

Behavioral Intention

Intention to use Google + in the future 814 .079
Intention to use Google + in daily life .865 .237
Intention to use Google + frequently 876 .210

Performance Expectancy

Google + allows me to communicate with family and friends .309 .764
Using Google + helps me be accepted into group of friends .025 .814
| use Google + because it helps me do my homework .631 .332
Google + is a tool to create my professional profile 379 692
Publications on my Google + are consistent with what | live ~ .202 .836

4.3 Analysis

After coding, a preliminary analysis of the resulting data was performed in order to detect possible
errors in the coding process. Once the data file was refined, an inductive-exploratory statistical
analysis was conducted to obtain descriptive information of social media use. In order to check the
hypotheses, a moderated mediation analysis with SPSS Macro PROCESS (model 9), developed by
Hayes (2013), was run with 10,000 bootstrap samples (95 percent and bias-corrected confidence
intervals). This method is based on multiple linear regression analysis estimated by ordinary least
squares (OLS). A multicollinearity test was also performed to check OLS assumptions and the
results showed tolerance values close to 1 and FIV values under 2, which indicate the absence of
multicollinearity.
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5. Results
5.1 Exploratory analysis of social media use

Exploratory results regarding the rate of adoption of social media by surveyed students indicate that
the average rate of social media adoption is 24 percent (M = 0.24 SD = 0.11), which means that
adoption is low when all 14 social media (Facebook, Twitter, Google +, Instagram, LinkedIn,
Pinterest, Vine, Swarm, Foursquare, Myspace, Tumblr, YouTube, Vimeo, Lastfm) are taken into
account. However, use behavior of these social media varied significantly, F(13, 6513)= 839.012,
p<0,000, np2=0.62 (Figure 2). The adoption rate (0. No adopted / 1. Yes adopted) of Facebook was
(M =0.98, SD = 0.13), Twitter (M = 0.61, SD = 0.48), Instagram (M = 0.55, SD = 0.49), Google +
(M =0.79, SD = 0.40), Linkedin (M =0.47, SD = 0.50), Pinterest (M = 0.02, DE = 0.15), Vine (M =
0.02, SD = 0.13), Swarn (M = 0.00, SD = 0.00), Foursquare (M = 0.00, SD = 0.00) MySpace (M =
0.04, SD = 0.20), Tumblr (M = 0.04, SD = 0.19), YouTube (M = 0.50, SD = 0.50), Vimeo (M =
0.02, SD = 0.13), LastFM (M = 0.00, SD = 0.00). When we examine the most popular social media
sites (Facebook, Twitter, Instagram, and Google+) the average rate of adoption increased to 68% (M
= 0.68, SD = 0.25). The most frequently accessed (1-5 scale) Facebook (M = 3.47, SD = 0.95),
followed by Google + (M = 2.88, SD = 1.37), Instagram (M = 2.28, SD = 1.37) and Twitter (M =
2.13,SD =1.13).

Figure 2. Adoption Rate of Social media sites
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The overall results show that the specific uses (1-5 scale) young individuals give to these social
media are to stay informed with the latest news (M = 3.55, SD = 1.10), connect with friends (M =
3.37, SD = 1.12), connect with family (M = 3.21, SD = 1.15), find music and videos (M = 3.16, SD =
1.23) and meet new people (M = 3.07, SD = 1.59). While the lowest percentage of use is to share
personal information (M = 2.51, SD = 1.15). Specifically, for Facebook the main use identified by
the respondents was to connect with the family (M = 4.03, SD = 0.91), followed by connecting with
friends (M = 3.94, SD = 1.04), stay informed with the latest news (M = 3.61, SD = 1.01) and find
music and videos (M = 3.14, SD = 1.23). In the case of Twitter, the main use identified by
respondents was to stay informed with the latest news (M = 3.76, SD = 1.07), followed by meeting
new people (M = 3.15, SD =1 10), and connect with friends (M = 3.05, SD = 1.72). For Instagram,
the main use identified by respondents was to connect with friends (M = 3.35, SD = 1.17), followed
by meeting new people (M = 3.27, SD = 1.11), stay informed with the latest news (M = 3.22, SD =
1.17) and find music and videos (M = 3.13, SD = 1.22). Lastly, Google + was identified as used to
stay informed with the latest news (M = 3.61, SD = 1.15), help to do homework (M = 4.43, SD =
1.28) and find music and videos (M = 3.40, SD = 1.27).

5.2 Influence of performance expectancy

Data shows that the students had medium performance expectancy (PE) (scale 1-5) towards social
media (with values from 2,7 to 3), which implies that their perception through all the 4 analyzed
networks is positive. Specifically, they access Facebook (M = 4.20, SD = 0.87) Twitter (M = 2.92,
SD =1.22), and Instagram (M = 3.24; SD = 1.22) primarily with the expectancy of contacting family
and friends. Google + was perceived primarily as a site for the performing tasks (M = 3.47, SD =
1.21). When it comes to creating and posting content consequential with their daily lives, Instagram
(M =2.99; SD = 1.29) and Facebook (M = 2.91, SD = 1.24) received the higher PE scores of the
social media sites surveyed, whereas Twitter (M = 2.71, SD = 1.18) and Google + (M = 3.24; SD =
1.14) received a higher PE value as tools for creating professional profile (table 2).

Table 2. Performance expectancy for the most frequently accessed social media sites

This social Using this | use this This social ~ Publications

media allows social media social media media is a on this social Performance
Social me to helps me be because it  tool to create media are

; . : expectancy
media communicate accepted helps me do my consistent
: : . . : (PE)
with family ~ intogroup my professional  with what |
and friends of friends  homework  profile live

M SD M SD M SD M SO M SO M SD

Facebook 4.20 087 241 112 264 113 286 117 291 14 300 111

Twitter 292 122 223 105 231 103 271 118 267 19 270 1.13
Instagram 3.24 122 244 121 218 104 282 125 299 19 273 120

Google+ 318 118 239 115 347 121 324 114 324 11 300 1.18
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On the other hand, the behavioral intention (BI) (scale 1-5) show that Facebook (M = 3.27, SD =
1.06) and Google + (M = 3.15, SD = 1.28) are the networking sites with a higher intention of use,
followed by Instagram (M = 2.75, SD = 1.25) and Twitter (M = 2.66, SD = 1,22) (table 3). Finally,
as previously mentioned, the use behavior (UB) (dichotomous 0-1) was: Facebook (M = 0.98, SD =
0.13), Twitter (M = 0.61, SD = 0.48), Instagram (M = 0.55, SD = 0.49) and Google + (M = 0.79, SD
= 0.40). These 3 variables (PE, Bl and UB), together with age and gender, were included in our
simplified UTUAT model.

Table 3. Behavioral intention for the most frequently accessed social media sites

Intention to use this Intention to use this Intention to use this

rsnoecc;?; social media in the s_ocial media in daily social media :Br\etZﬁYilc())r:a(:Bl)
future life frequently
M SD M SD M SD M SD
Facebook  3.62 1.05 3.08 1.06 3.14 1.07 3.27 1.06
Twitter 3.01 1.30 2.51 1.15 2.47 1.20 2.66 1.22
Instagram  3.04 1.31 2.58 1.20 2.65 1.23 2.75 1.25

Google+  3.45 1.29 2.98 1.25 3.03 1.29 3.15 1.28

A moderated mediation analysis for each social media site was carried out to test the proposed model
(figure 3). For Facebook, the direct effect of the performance expectancy on use behavior was not
significant (B = 0.70; p = 0.16, CI = -0.30 to 0.18). However, this relationship did occur through an
conditional indirect effect through the behavioral intention (the effect, ranging from 0.21 to 0.26,
was significant for the 5 levels of the moderator age, and for the 2 levels of the moderator gender)
(table 4), which supports H1 (that posed that performance expectancy influences behavioral
intention, and this, in turn, positively influences the use behavior of social media) and H2 (that this
effect is moderated by age and gender). More specifically, we found that the effect of PE on the Bl
was not significant (B = 0.29, p =0.46, Cl =-0.50 to 1.10), which does not give empirical support for
H1.1, but it is clearly evident that the Bl has a positive effect on UB (B = 0.52, p <0.000, Cl = 0.43
to 0.61), demonstrating H1.2. The indirect effect was stronger for older women, which confirms the
moderation of age and gender, but in the opposite direction formulated in H2.1 and H2.2. We also
found that the effect of PE on Bl was moderated neither by age (B =0.00, p=0.90, CI = -0.03 to 0.04)
nor by gender (B =0.07, p =0.48, Cl =-0.13t0 0.27).

In the case of Twitter the direct effect of the performance expectancy in use behavior was not
significant (B = 0.09; p = 0.09, CI = -0.01 to 0.19). However, this relationship did occur as a
conditional indirect effect through behavioral intention (the effect, ranging from 0.18 to 0.27, is
significant for the 4 levels of the moderator age, and for the 2 levels of the moderator gender), which
gives empirical support for H1. This means that the performance expectancy influences the use
behavior of social media through the indirect effect of the behavioral intention. Specifically, we
found that the effect of PE on Bl was not significant (B = 0.69, p = 0.22, ClI = -0.42 to 1.81) refuting
H1.1; but that BI positively influences UB (B = 0.53, p <0.000; CI = 0.44 to 0.63), supporting H1.2.
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The indirect effect was stronger for men, which confirms the moderation of gender as posed in H2.2,
but age did not fully moderate it, partially confirming H2.1. The effect of PE on Bl was not
moderated by age (B = -0.00; p = 0.96, ClI = -0.05 to 0.05) and the effect of PE on the Bl was neither
moderated by gender (B =-0.15; p = 0.26, Cl =-0.42 to 0.11).

Figure 3. Regression unstandardized coefficients (B) for each model

a) Facebook c) Instagram

With regards to Instagram, the effect of performance expectancy in use behavior was not significant
(B = 0.01; p = 0.87, Cl = -0.12 to 0.14), meaning that there was no direct effect. However, this
relationship did occur as a conditional indirect effect through the behavioral intention (the effect,
ranging from 0.25 to 0.44, is significant for the 4 levels of the moderator age, and for the 2 levels of
the moderator gender), confirming H1. This means that PE influences the UB of social media
through the BI. Based on the model, the PE did not significantly influence the Bl (B = 0.13, p = 0.78,
Cl =-0.25 to 1.82), refuting H1.2, however, the BI did positively influence UB (B = 0.73, p <0.000;
Cl = 0.60 to 0.86), in line with H1.2. The indirect effect was stronger for men, which confirms the
moderation of gender as posed in H2.2, but age did not fully moderate it partially confirming H2.1.
We found that the effect of PE on Bl was not moderated by age (B = 0.00, p = 0.80, CI = -0.42 to
0.05), but the effect of PE on the Bl was negatively moderated by gender (B = -0.28; p <0.05; Cl = -
0.57 to -0.00).

In the case of Google +, the effect of the performance expectancy in use behavior was significant (B
= 0.20; p = 0.01, Cl = 0.08 to 0.33), meaning there was a direct effect in this case. However, as
shown in table 4, this relationship was greater extended by a conditional indirect effect through the
behavioral intention (the effect, ranging from 0.21 to 0.53, is significant for the 5 levels of the
moderator age, and for the 2 levels of the moderator gender). This means that higher PE leads to a
greater Bl, which in turn increases the likelihood of the person deciding to make effective use of
social media (UB). This mediational relationship gives empirical support for H1. In addition, the data
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shows that performance expectancy positively influenced the behavioral intention (B = 1.94; p
<0.000, CI = 1.02 to 2.88), which in turn positively influenced use behavior (B = 0.67, p <0.000; CI
= 0.55 to 0.79). The indirect effect was stronger for younger users (is in young users where
performance expectancy has the greatest effect on the behavioral intention) which confirms the
moderation of age as posed in H2.1, but gender did not moderate it refusing H2.2. The effect of PE
on Bl was also negatively moderated by age (B = -0.06; p <0.01; CI = -0.10 to -0.02). The
interaction of these variables means that the higher the age, the lesser the effect of one variable on
the other. The effect of PE on the Bl was not significantly moderated by gender (B = 0.00; p = 0.99,
Cl=-0.23t0 0.23).

Table 4. Conditional indirect effect of PE on UB through BI, moderated by age and gender

Social media Age  Gender Effect  Boot SD Boot LLCI Boot ULCI
Facebook
17 M 0.21 0.05 0.1078 0.3390
17 F 0.25 0.06 0.1452 0.3926
18 M 0.21 0.05 0.1191 0.3283
18 F 0.25 0.05 0.1564 0.3369
19 M 0.22 0.04 0.1275 0.3849
19 F 0.25 0.05 0.1624 0.3222
22 M 0.22 0.05 0.1314 0.3369
22 F 0.26 0.05 0.1635 0.3806
24 M 0.22 0.06 0.1153 0.3619
24 F 0.26 0.06 0.1472 0.4014
Twitter
17 M 0.27 0.07 0.1406 0.4341
17 F 0.19 0.10 -0.0022 0.3907
18 M 0.27 0.06 0.1590 0.4111
18 F 0.19 0.08 0.0201 0.3707
20 M 0.27 0.05 0.1734 0.3877
20 F 0.19 0.07 0.0461 0.3394
22 M 0.27 0.06 0.1530 0.4068
22 F 0.18 0.07 0.0445 0.3385
24 M 0.27 0.08 0.1089 0.4528
24 F 0.18 0.08 0.0155 0.3667
Instagram
17 M 0.44 0.08 0.2776 0.6246
17 F 0.23 0.12 -0.0029 0.4816
18 M 0.44 0.07 0.3047 0.6094
18 F 0.23 0.11 0.0266 0.4615
19 M 0.45 0.07 0.3204 0.5998
19 F 0.24 0.10 0.0479 0.4486
21 M 0.46 0.07 0.3131 0.6149
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21 F 0.25 0.09 0.0621 0.4367
23 M 0.47 0.10 0.2666 0.6701
23 F 0.25 0.10 0.0453 0.4645
Google +
17 M 0.53 0.08 0.3743 0.7183
17 F 0.53 0.08 0.3769 0.7037
18 M 0.48 0.07 0.3520 0.6473
18 F 0.48 0.07 0.3494 0.6365
19 M 0.44 0.06 0.3236 0.5779
19 F 0.44 0.06 0.3166 0.5765
22 M 0.30 0.05 0.1979 0.4248
22 F 0.30 0.07 0.1685 0.4528
24 M 0.21 0.07 0.0642 0.3737
24 F 0.21 0.09 0.0348 0.4079

6. Discussion and conclusion

Results showed that the rate of adoption (24 percent) was generally low when we took into account
the 14 social media sites surveyed. However, when the most popular social media sites were
examined (Mander, 2016), the rate of adoption increased, indicating that there is a high rate of
adoption among young respondents (68 percent). The social networking sites with a higher degree of
adoption and frequency of access were Facebook, Google +, Instagram and Twitter. The main use
that young individuals make of these platforms were identified as: to stay informed with the latest
news, connect with friends, connect with family, find music and videos and meet new people; while
the lowest score was assigned to the sharing of personal information. These findings are consistent
with past research (Cheung, Chiu and Lee, 2011; Cheung and Lee, 2010; Gomez et al., 2012; Lin and
Lu, 2011) and further confirm the notion about the utility and value of social media in young
people’s lives as a way to relate to their social environment and a mean of entertainment. One reason
why young people are drawn to social media to stay in contact with peers derives from the benefits
that online communication has in their lives. When using these sites, they become empowered in
different social aspects, reflecting the concept of social inclusion (Notley, 2009). They participate in
society, reach out to others close and far, and are co-producers of Internet content, due to interactive
and dialogic nature of social media. Furthermore, youth who have weak relationships in their offline
social environment, find in social media the opportunity to establish strong social relationships
through online interaction (Subrahmanyam and Lin, 2007).

Our findings provide strong support to the conditional indirect effect that performance expectancy
exerts on use behavior through the behavioral intention of social media use by youngsters (H1),
which means that believing that social media will help to gain performance in the future (e.g.
communicate with family and friends) increases the odds of having the intention to adopt these
networking sites (in most of the cases we see no direct effect of PE on UB), which in turn later
becomes in an actual adoption, being this effect moderated by gender and age as proposed by
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UTAUT (Venkatesh et al., 2003, 2012). Thus, the expectation of performance is a strong predictor of
social media use with weights of the unstandardized coefficients up to 0.53. This variable, also
known as perceived usefulness (Davis, Bagozzi and Warshaw, 1992; Davis, 1989), is a clear
determinant in ICT adoption, which means that individual beliefs about technologies have a strong
importance in the decision process. Therefore, if young people perceive that social media allows
them to be up to date with news, in touch with family and friends, accepted into groups of friends,
complete tasks and create a professional profile, and in addition what they post is consistent with
their daily lives, this will then lead them to make actual use of these sites.

Even when our findings suggest that the indirect effect is in some cases moderated by age and gender
(H2), we do not provide clear evidence of the way these conditions work (H2.1 and H2.2). In fact,
these variables were not always significant moderators, and when some interaction effects where
found, the direction of the condition was not the same, finding for instance in Facebook that the
conditional indirect effect of PE on UB was stronger for older women, this is, the opposite direction
formulated in UTAUT (so that the effect will be stronger among younger people, especially men). In
sum, we confirm the existence of a conditional indirect effect of performance expectancy in the use
of Facebook, Google+, Instagram and Twitter by youngsters, being the effect carried by the
behavioral intention of social media use, but moderated only in some cases by age and gender and
with no clear direction.

The above results have both theoretical and practical implications. First, consistent with previous
literature, the study further confirms that performance expectancy is the strongest predictor when
adopting a technology. However, our study on ICT adoption by youth differs from UTAUT
(Venkatesh et al., 2003) and UTAUT2 (Venkatesh et al., 2012), in the influence that age and gender
have on the use of technology, meaning that among youth these variables may not moderate the
relationship, making UTAUT valid only to a certain extent. In terms of practical implications, the
data may serve as input for the implementation of ICT in education, marketing and advertising,
technology and e-government, taking into account the perceived utility and benefits that technology
represents for young audiences.

There are some limitations we have to acknowledge. Firstly, our study has been done to a limited
sample (young students of the Caribbean Region of Colombia), which implies that generalization of
our conclusion is only possible by future replication on other geographical and cultural contexts.
Secondly, even when properly explained in the survey, respondents might have misunderstood
Google+ thinking that it refers to the Google search engine, which might explain its high adoption
rates. Finally, our study is cross-sectional and with no experimental design, limiting the
consideration of all the detected effects (we do not confirm any causal relationship). We suggest
future research leading to explore new data on the moderating effect exerted by age and gender in
the relationship between performance expectancy and behavioral intention, as stated by UTAUT.
Additionally, we suggest qualitative studies that expand the reasons why young people choose to
adopt a technology, and take into account the influence of social factors, motivations and attitudes, as
well as the influence of brands and opinion leaders in the decision making process of adoption and
use of social media. Moreover, future research might also address the analysis of adoption and use of
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social media of young individuals with limited access to the Internet, and youth who do not study
ICT-related programs. Thus, it would help identify if constant Internet access and accessibility are
factors that constrain the use of social media.

*Funded Research. This paper is a part of the research project “Development and
implementation of ICTs and strategies to empower scientific communication and visibility of
results” (ref. DIDI-UN 2013-00075), funded by Department of Research, Development and
Innovation of the Foundation of the Universidad del Norte, Colombia.

Dates:

- Start of the project: 2013
- End of the project: 2016
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